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ABSTRACT: The increasing shift toward skills-based hiring in dynamic labor markets has underscored the relevance of
competency-based recruitment frameworks. This review systematically explores the integration of micro-credentialing, skill
taxonomies, and artificial intelligence (Al)-driven talent matching in modern recruitment ecosystems. Drawing on interdisciplinary
insights, the study evaluates how micro-credentials offer verifiable evidence of competencies and how structured skill taxonomies
enable precise role-person alignment. The paper further analyzes how Al-powered tools optimize candidate-job fit through
predictive analytics, natural language processing, and machine learning algorithms. Emphasis is placed on the standardization of
assessment protocols, digital portfolios, and adaptive recruitment strategies that prioritize capabilities over traditional qualifications.
Findings indicate that the confluence of digital micro-credentials, Al-enhanced screening, and robust skills frameworks provides
scalable solutions to address inefficiencies in traditional hiring processes. The review concludes by identifying research gaps and
recommending actionable frameworks for education institutions, employers, and platform developers to collaboratively support a
skills-first future of work.
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1. INTRODUCTION

1.1 Background and Rationale for Competency-Based
Hiring

The global labor market is experiencing a transformative shift
from degree-centric recruitment to skills-first approaches.
This change is driven by evolving technological landscapes,
demographic shifts, and the need for agile, adaptable talent.
Competency-based recruitment frameworks have emerged as
key enablers of precision hiring, aligning candidates’ verified
capabilities with specific job functions (ljiga et al., 2024).
Traditional hiring models, heavily reliant on educational
qualifications, often fail to reflect real-world skill
applicability or performance readiness (Imoh & Idoko, 2022;
Ayanponle et al., 2024). In contrast, competency-based
systems emphasize measurable skills, behaviors, and
outcomes tied to occupational performance.

Governments, employers, and educational institutions are
reimagining credentialing by prioritizing skill-based
recognition over traditional diplomas, prompting demand for
new recruitment models (Azonuche & Enyejo, 2024). As
automation and Al redefine work processes, many industries
require continuous upskilling and verifiable competency

development to maintain competitiveness (Ajiga et al., 2024,
Idoko et al., 2024). In this context, competency-based hiring
promotes inclusivity by valuing experiential learning and
micro-credentials obtained through non-traditional pathways
(Hori et al., 2024).

Al technologies now underpin many talent management
platforms, enabling scalable and data-informed recruitment
pipelines. These systems analyze structured and unstructured
data to align candidate profiles with nuanced job
requirements, reducing bias and accelerating decision-
making (Ajayi et al., 2025; Ogunnowo et al., 2025). Platforms
integrated with intelligent screening tools offer predictive
insights into candidate-job fit, fostering workforce agility and
strategic talent allocation (Abieba et al., 2025; Afolabi et al.,
2025).

As the nature of work evolves toward project-based,
interdisciplinary, and digital-first structures, competencies—
not credentials—form the currency of employment.
Therefore, systematic frameworks that link micro-
credentialing, Al-driven tools, and skill taxonomies represent
a pivotal solution to talent shortages, economic mismatches,

5882 Immaculata Omemma Evans-Uzosike !, ETJ Volume 10 Issue 07 July 2025


https://doi.org/10.47191/etj/v10i07.36

“A Systematic Review of Competency-Based Recruitment Frameworks: Integrating Micro-Credentialing, Skill
Taxonomies, and Al-Driven Talent Matching”

and digital exclusion (Imoh et al., 2023; Chukwurah et al.,
2024; Adeniyi et al., 2024).

1.2 Evolution from Degree-Centric to Skills-Based
Recruitment Models

Historically, hiring models emphasized academic degrees as
proxies for professional readiness. However, research shows
that such models often overlook the dynamic and cross-
functional competencies required in today’s digital economy
(Bristol-Alagbariya et al., 2024; Nwaozomudoh et al., 2024).
A skills-based approach redefines candidate evaluation by
focusing on observable proficiencies, reducing the
institutional bias prevalent in degree-heavy hiring practices
(Elufioye et al., 2024).

The proliferation of online learning platforms, bootcamps,
and certification programs has democratized skill acquisition,
leading to the rise of alternative credentials (Ajiga et al.,
2025; Adewoyin et al., 2025). These models support
workforce inclusivity by recognizing learning outside formal
educational settings, especially for underrepresented groups
in technology and finance sectors (Ajayi et al., 2025; Ojukwu
etal., 2024).

Major corporations now prioritize digital portfolios, project
work, and behavioral competencies to gauge cultural and role
fit. This shift is supported by Al-powered hiring systems that
extract and evaluate skill patterns, eliminating reliance on
keyword-matching algorithms alone (Chukwurah et al., 2024;
Ogunnowo et al., 2025).

Furthermore, industries such as healthcare, finance, and
software development increasingly adopt stackable
credentials and modular learning as pipelines for upskilling,
aligning talent supply with demand (Azonuche & Enyejo,
2024; 1doko et al., 2024). The U.S. National Skills Coalition
and World Economic Forum both advocate for multi-
stakeholder collaboration to mainstream competency
frameworks across public and private sectors (llori et al.,
2024; Iwe et al., 2023).

This evolution reflects a broader reorientation of value in
human capital, where agility, adaptability, and real-world
readiness outweigh pedigree, fostering a future-proof labor
ecosystem (Abdul-Azeez et al., 2024; Adebayo et al., 2024).

1.3 Importance of Standardized Skill Recognition in
Global Labor Markets

Globalization and digital transformation demand skill
portability across borders and industries. Standardized skill
recognition systems provide a common language for
employers, educators, and workers to communicate
capabilities, bridging mismatches in labor supply and demand
(Ayanponle et al., 2024; Oyeniyi et al., 2024). These
frameworks are crucial for developing equitable and inclusive
hiring practices, particularly in emerging markets where
traditional degrees may be scarce or undervalued (Ajiga et al.,
2025; Adekunle et al., 2024).

Initiatives  like the European Skills, Competences,
Qualifications and Occupations (ESCO) and the U.S. O*NET
taxonomy exemplify efforts to formalize and standardize
competency language (Azonuche & Enyejo, 2024). Their
integration into learning and employment records facilitates
cross-sectoral mobility and aids employers in defining precise
hiring benchmarks (llori et al., 2024; Enyejo et al., 2024).
Employers increasingly demand real-time validation of skills
through digital credentials issued via blockchain and other
tamper-proof systems (Afolabi et al., 2025; Idoko et al.,
2024). These verifications align well with global compliance
needs, especially in regulated industries like finance, energy,
and public health (Ajayi et al., 2025; Okpanachi et al., 2025).
Moreover, workforce migration policies and global talent
exchanges increasingly rely on verifiable, portable, and
interoperable skills data to streamline labor market access
(Imoh & Idoko, 2022; Chukwurah et al., 2024). Skill
standardization ensures that capabilities gained in non-
traditional contexts—such as military service, volunteerism,
or gig work—are appropriately valued and utilized (Ojukwu
et al., 2024; Mokogwu et al., 2024).

Without universally accepted frameworks, talent gaps persist,
and economic growth potential remains unrealized.
Therefore, standardized skill recognition is vital not only for
hiring accuracy but also for shaping sustainable global
development (ljiga et al., 2024; Nwankwo et al., 2025).

1.4 Objectives and Scope of the Review

This review aims to critically examine the architecture of
competency-based recruitment systems with a focus on
integrating three foundational pillars: micro-credentialing,
skill taxonomies, and Al-driven talent matching. The
objective is to consolidate current research, highlight
implementation gaps, and offer actionable insights for
recruiters, policymakers, and technologists (ljiga et al., 2024,
Imoh et al., 2023; Ayanponle et al., 2024).

The scope spans developments across education, human
resources, digital platforms, and regulatory domains,
contextualizing their impact on talent identification and
workforce development. Special emphasis is placed on
emerging markets and cross-industry use cases, with a
comparative view of public and private sector adoption
(Azonuche & Enyejo, 2024; Ajayi et al., 2025).

Key questions include: How do micro-credentials enhance
candidate assessment? What role do standardized skill
taxonomies play in scalable recruitment? And how does Al
refine talent matching while ensuring fairness and
transparency? The paper addresses these through empirical
evidence, conceptual frameworks, and case studies (llori et
al., 2024; 1doko et al., 2024).

In advancing this inquiry, the review draws from over 45
scholarly sources, prioritizing recent publications and
foundational studies authored by leading experts in
competency-based hiring, Al systems, and labor policy
reform. The framework is designed to support both
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theoretical exploration and applied practice in recruitment
innovation (Ajiga et al., 2025; Abdul-Azeez et al., 2024).

2.MICRO-CREDENTIALING IN
ACQUISITION

2.1 Concept and Classification of Micro-Credentials
Micro-credentials are short, verifiable learning units that
certify specific competencies, skills, or knowledge. Unlike
traditional degrees, they are often modular, stackable, and
aligned with market-driven skills (Ajayi et al., 2025;
Ayanponle et al., 2024). Their emergence reflects the global
trend toward lifelong learning and skill personalization in
response to rapid technological disruptions. Micro-
credentials can be classified into skill-based, role-based,
industry-recognized, and academic-linked credentials
depending on their delivery context and intended application
(Daraojimba et al., 2024; Afolabi et al., 2025). For example,
digital badges issued by technology platforms validate
discrete technical proficiencies such as data visualization or
cloud security, offering flexible learning pathways (Ojukwu
etal., 2024).

These credentials are often distributed through open digital
platforms and linked to blockchain verification systems for
authenticity and portability (Uzoka et al., 2024; Alozie et al.,
2024). Many universities and corporate training programs
now issue micro-credentials via Learning Management
Systems (LMS), integrating them into comprehensive talent
development frameworks (Azonuche & Enyejo, 2024). The
ability to stack multiple micro-credentials into
comprehensive qualifications allows workers to build career
portfolios progressively (llori et al., 2024; Abiola et al.,
2024).

Moreover,  competency-based  education  platforms
increasingly use Al to recommend personalized micro-
learning pathways based on prior learning assessments, job
market trends, and career aspirations (Adanigbo et al., 2025).
This shift promotes inclusivity for learners who may not have
access to formal higher education or seek to reskill mid-career
(Enyejo et al., 2024; Ogunwole et al., 2024).

However, there remain challenges in classification,
comparability, and employer recognition. The absence of
global standards for micro-credentialing has led to varied
definitions and implementations, limiting their universal
applicability (Chukwurah et al., 2024; Adebayo et al., 2024).
This necessitates frameworks for interoperability, such as

TALENT

those proposed by UNESCO and the European Commission,
to harmonize recognition across institutions and borders
(Bristol-Alagbariya et al., 2024; Mokogwu et al., 2024).

2.2 Verification, lIssuance, and Stackability of Digital
Badges

The digital nature of micro-credentials allows for enhanced
traceability, authenticity, and verification. Issuance is
typically managed via blockchain-based or cloud-hosted
credentialing platforms such as Open Badges, Credly, or
Blockeerts (Idoko et al., 2024; Eguagie et al., 2025). These
systems embed metadata that outlines the credential issuer,
learning outcomes, assessment methods, and evidence of skill
acquisition, thus promoting trust and transparency (Abdul-
Azeez et al., 2024).

Verifiable digital badges enable both learners and employers
to maintain portable records of competence that are shareable
via LinkedIn profiles, e-portfolios, and institutional registries
(Ayoola et al., 2024; Dudu et al., 2024). Stackability is a
defining feature, allowing learners to combine badges toward
larger credentials, such as diplomas or professional licenses.
This modularity aligns with agile talent strategies where
continuous learning is essential (Ajiga et al., 2025; Famoti et
al., 2024).

Credentialing authorities are also integrating Al into
verification processes. Natural language processing
algorithms can automatically cross-validate candidate skills
against job taxonomies and real-time labor market
requirements (Ajayi et al., 2025; Ogunnowo et al., 2025).
Such integration improves the precision of job-candidate
matching and informs workforce development policy (Enyejo
etal., 2024; Iwe et al., 2023).

Despite the promise, concerns remain about badge inflation
and quality assuranceas seen in Table 1.. Without clear
criteria for badge issuance and assessment rigor, some
credentials may lack employer trust (Chukwurah et al., 2024;
Alonge et al., 2024). There is growing consensus on the need
for accrediting bodies to set standards for digital badges,
similar to those used in higher education accreditation
(Oyeniyi et al., 2024; Ogunnowo et al., 2024).
Consequently, ecosystems of trusted issuers and endorsed
learning  pathways—often  involving  public-private
partnerships—are emerging to reinforce badge legitimacy
and stackability (Azonuche & Enyejo, 2024; Owoade et al.,
2024).

Table 1: Key Dimensions of Digital Badge Verification, Issuance, and Stackability

Aspect Description

Opportunities

Challenges

Use of blockchain and metadata to
authenticate badge origin, criteria,
and holder identity.

Verification
Mechanisms

Promotes trust and credibility

among employers and educators.

Lacks universal standards; risks of
forgery or unreliable metadata
remain in some platforms.
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Aspect Description

Opportunities

Challenges

Badges are granted through LMS |Enables flexible, modular learning {Inconsistent criteria across issuers

certificates, degrees).

Issuance . . .

Erameworks platforms or credentialing bodies after |paths; ~ encourages  continuous |may reduce badge value and
meeting competency thresholds. professional development. credibility.

Stackabilit Ability to combine micro-credentials |[Empowers lifelong learning and |Stackability depends on institutional

Potential y into macro-credentials (e.g.,|creates clear career advancement|collaboration and credential

pathways.

recognition policies.

Integration in
Workforce

internal HR systems.

Digital badges are integrated into e- |Enhances transparency in skill|Limited integration in legacy HR
portfolios, job applications, and |verification and streamlines talent|systems; employer awareness and
acquisition.

acceptance vary across sectors.

2.3 Institutional  Partnerships and Recognition
Mechanisms

Institutional collaboration is pivotal in scaling micro-
credential adoption.  Universities, corporate training
providers, and government agencies are increasingly
partnering to create interoperable credential ecosystems
(Nwaozomudoh et al., 2024; Okeke et al., 2024). For
instance, public universities in the U.S. and Canada
collaborate with EdTech firms to issue job-relevant
credentials aligned with regional skill shortages (Ajayi et al.,
2025; Oyeniyi et al., 2024).

Such partnerships ensure alignment between academic rigor
and employer expectations. Programs often follow industry-
endorsed standards and are co-designed by subject matter
experts from academia and industry, increasing trust in
credential value (Adepoju et al., 2024; Enyejo et al., 2024).
Cross-border credential recognition remains a challenge due
to varied quality assurance protocols. However, frameworks
such as the European Qualifications Framework (EQF) and
ASEAN Qualifications Reference Framework (AQRF)
provide mechanisms for transnational recognition and
alignment of competencies (Abiola et al., 2024; Idoko et al.,
2024). In Africa and parts of Asia, regional higher education
bodies are exploring mutual recognition arrangements to
facilitate labor mobility (llori et al., 2024; Ogunnowo et al.,
2025).

In addition to higher education institutions, major tech
employers like Google, IBM, and Amazon now recognize and
issue micro-credentials that carry significant market value
(Ajiga et al., 2025; Azonuche & Enyejo, 2024). Some
credentials are embedded into recruitment and promotion
workflows, further institutionalizing their acceptance
(Afolabi et al., 2025; ljiga et al., 2024).

Credential wallets and blockchain-backed registries ensure
secure, lifelong storage of certifications, enabling frictionless
exchange and verification across platforms (Abdul-Azeez et
al., 2024; Ayoola et al., 2024). These developments support
policy innovations such as lifelong learning accounts and
portable learning records being explored in the U.S. and EU
(Ajayi et al., 2025; Ojukwu et al., 2024).

2.4 Challenges in Standardization and Employer
Adoption

Despite growing acceptance, micro-credentials face critical
standardization and adoption challenges. Key among them is
the lack of universal benchmarks for quality, level, and
duration, which creates confusion and mistrust among
employers (Enyejo et al., 2024; Chukwurah et al., 2024). The
proliferation of non-accredited and loosely validated
credentials complicates integration into formal recruitment
and progression frameworks (ldoko et al., 2024; llori et al.,
2024).

Employers often remain unfamiliar with interpreting digital
badges, especially when they lack descriptive metadata or
third-party endorsements (Ogunnowo et al., 2025; Adebayo
et al., 2024). Without standardized formats and transparent
issuing protocols, human resources departments struggle to
equate badges with traditional qualifications (Ajiga et al.,
2025; Imoh et al., 2023).

Interoperability is another concern. Credentialing platforms
operate with different technologies and taxonomies, making
it difficult to consolidate and compare learning records across
systems (Ajayi et al., 2025; Mokogwu et al., 2024). Emerging
standards like Open Badges 2.0 and the Credential
Transparency Description Language (CTDL) seek to address
this by promoting metadata harmonization (Afolabi et al.,
2025; Uzoka et al., 2024).

Cultural resistance also plays a role. In many organizations,
traditional degrees remain the default hiring metric due to
legacy systems and risk aversion in HR practices (Bristol-
Alagbariya et al., 2024; Okpanachi et al., 2025). Overcoming
these perceptions requires longitudinal evidence of job
performance linked to micro-credential attainment (Abiola et
al., 2024; Adanigbo et al., 2025).

Moreover, equity concerns arise when micro-credentials are
paywalled or inaccessible to underserved populations. Policy
responses—such as subsidies, tax incentives, or public
registries—can help ensure inclusive access and wide-scale
employer adoption (Abdul-Azeez et al., 2024; Azonuche &
Enyejo, 2024).
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3. SKILL TAXONOMIES AND ONTOLOGIES FOR
ROLE MATCHING

3.1 Taxonomical Frameworks: ESCO, O*NET, SFIA
Skill taxonomies provide structured classifications of skills,
knowledge, and abilities that enable consistent interpretation
of workforce capabilities across job roles and sectors.
Prominent frameworks include the European Skills,
Competences, Qualifications and Occupations (ESCO), the
U.S. Occupational Information Network (O*NET), and the
Skills Framework for the Information Age (SFIA). These
systems organize skills into hierarchical models that map to
job descriptions and facilitate labor market analysis (Ajayi et
al., 2025; Azonuche & Enyejo, 2024).

ESCO, backed by the European Commission, presents over
3,000 occupations and 13,000 skills, enabling multilingual
and cross-sectoral recognition of competences across EU
countries. It is increasingly integrated into national
employment portals and digital credentialing platforms to
facilitate skills-first job matching (Imoh & ldoko, 2023).
O*NET, developed by the U.S. Department of Labor, offers
comprehensive descriptors of job-specific tasks, required
skills, and worker characteristics—enabling both employers
and educators to align training with evolving market needs
(Ayanponle et al., 2024).

SFIA, widely adopted in IT and digital sectors, organizes
professional skills into responsibility levels, providing a
scaffold for role design, skills assessment, and learning
pathways. The taxonomy supports dynamic role evolution in
rapidly changing fields such as cybersecurity, data analytics,
and software engineering (ljiga et al., 2024; llori et al., 2024).
These frameworks play a crucial role in integrating structured
skill language into Al-powered recruitment and HR systems.
By tagging job roles and resumes using taxonomy-linked
keywords and relationships, platforms can enhance matching
precision and standardization (Adanigho et al., 2025).
Additionally, such classification improves labor mobility by
enabling portability of skills across borders and industries, a
key priority for global workforce interoperability (Abiola et
al., 2024; Bristol-Alagbariya et al., 2024).

Despite their benefits, challenges remain in harmonizing
taxonomies across regions and sectors. Ongoing
collaboration between governments, employers, and
standards organizations is essential for building a truly global
skill language (Ajiga et al., 2025; Abdul-Azeez et al., 2024).

3.2 Semantic Structuring of Competencies and
Transferable Skills

Semantic  structuring involves encoding skills and
competencies into  machine-readable formats using
ontologies and knowledge graphs. This approach enhances
interoperability between systems, enabling dynamic
identification of related competencies and their contextual
relevance (Ajayi et al., 2025; Abiola et al., 2024). By defining
the relationships between skills—such as prerequisites,
hierarchy, or complementarity—semantic models help

employers and job seekers navigate the complexities of
transferable capabilities (Afolabi et al., 2025; Adanigbo et al.,
2025).

Ontological models such as the HR Open Standards ontology
and the T3 Innovation Network in the U.S. utilize linked data
principles to map competencies across learning and
employment records (Azonuche & Enyejo, 2024; Abdul-
Azeez et al., 2024). These systems enable the creation of
dynamic skill profiles that are adaptable to emerging roles
and personalized career pathways (ljiga et al., 2024;
Mokogwu et al., 2024). For example, a candidate with
“project management” skills may be semantically linked to
related competencies such as “agile methodologies,” “budget
forecasting,” or “team leadership,” allowing more nuanced
profile enrichment and job matching (Imoh & Idoko, 2023;
lori et al., 2024).

Transferable skills—such as critical thinking,
communication, and problem-solving—are also semantically
represented in ontologies to support transitions across
industries and job roles (Oyeniyi et al., 2024; Ajiga et al.,
2025). This structuring is particularly valuable in facilitating
career mobility and upskilling for displaced or transitioning
workers (Nwaozomudoh et al., 2024; Ajayi et al., 2025).
Moreover, semantic enrichment aids Al-based platforms in
recommending learning interventions by identifying
competency gaps and suggesting micro-credentials or
certifications (Enyejo et al., 2024; Bristol-Alagbariya et al.,
2024). This intelligent navigation of the skills landscape
supports workforce agility in the context of rapidly evolving
job requirements and technological innovation (llori et al.,
2024; Adanigbo et al., 2025).

3.3 Use of Skill Graphs in Job Description Parsing

Skill graphs are visual or data-based representations that
interlink competencies with job roles, industries, and
emerging trends. These graphs are used extensively in job
parsing tools to decode unstructured job descriptions into
structured skill components, improving accuracy in
candidate-job matching (ljiga et al., 2024; Abiola et al.,
2024). By leveraging natural language processing and
machine learning, modern parsers identify explicit and
implicit skills required for a position, even when they are not
directly stated in the job text (Azonuche & Enyejo, 2024;
Imoh & Idoko, 2023).

Skill graphs integrate data from occupational frameworks, job
postings, academic programs, and performance data to map
relationships among skills. This makes it possible to track
skill adjacencies and evolution—for instance, mapping
“machine learning” to related competencies like “data
preprocessing,” “Python,” or “model evaluation” (Ayanponle
et al., 2024; Ogunnowo et al., 2025). Such intelligence
supports HR systems in automating and refining role
definitions, candidate screening, and workforce planning
(Ajayi et al., 2025; Abdul-Azeez et al., 2024).
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Enterprises and EdTech platforms are now embedding skill
graph engines into applicant tracking systems and career
services platforms. These tools can automatically generate
candidate-job fit scores, identify mismatched or missing
competencies, and recommend tailored learning paths (llori
et al.,, 2024; Adanigho et al., 2025). Some solutions also
include sentiment analysis and contextual awareness to
understand job description tone and expectation levels
(Mokogwu et al., 2024; Ajiga et al., 2025).

Despite their advantages, challenges include data sparsity for
emerging roles and potential over-reliance on text similarity
rather than semantic depth. Therefore, there is a growing need
to blend structured taxonomies with real-time labor market
intelligence to maintain relevance (Afolabi et al., 2025;
Bristol-Alagbariya et al., 2024)

3.4 Role of Ontologies in Cross-Sectoral Talent Mapping
Ontologies facilitate a unified understanding of competencies
across sectors, enabling the transferability of skills in
multidisciplinary and hybrid roles. For example, digital
fluency is a cross-sectoral skill relevant in healthcare, finance,
education, and logistics—yet its contextual meaning and
application vary (Ajayi et al., 2025; Ayanponle et al., 2024).
Ontologies help resolve this ambiguity by providing semantic
context and aligning competencies with sector-specific
expectations (Idoko et al., 2024; Ogunnowo et al., 2025).
Sector-spanning roles—such as sustainability officers, digital
transformation leads, or data privacy analysts—require
integration of competencies across policy, technology, and
management domains. Ontologies enable accurate mapping
of these hybrid roles by linking skills from diverse
occupational clusters (Imoh & ldoko, 2023; Abdul-Azeez et
al.,, 2024). They also support career pivoting, where
professionals transition from one industry to another without
repeating foundational training (Abiola et al., 2024; Bristol-
Alagbariya et al., 2024).

For instance, military veterans re-entering civilian
employment can leverage ontologies to map tactical
leadership and risk management skills to project coordination
roles in construction or logistics (ljiga et al., 2024; llori et al.,
2024). Similarly, academic researchers transitioning into data
science roles can identify overlapping competencies in
statistical reasoning, technical writing, and research ethics
(Azonuche & Enyejo, 2024; Enyejo et al., 2024).
Cross-sectoral ontologies also inform macro-level policy
planning. Governments and workforce boards use these
models to identify transferable skills in regions undergoing
industrial transformation—such as coal towns pivoting to
clean energy or automotive hubs shifting toward autonomous
vehicle technologies (Adanigbo et al., 2025; Mokogwu et al.,
2024).

While promising, the scalability of such ontologies depends
on collaborative curation and constant updates informed by
market analytics and employer input. Open-source models
and public-private partnerships remain key enablers of cross-

sectoral interoperability (Chukwurah et al., 2024; Ajiga et al.,
2025).

4.  AI-DRIVEN TALENT MATCHING AND
RECRUITMENT AUTOMATION
4.1 Framework Adaptability and Integration in the Public
Sector

Human resource analytics frameworks in the public sector
face unique challenges due to rigid bureaucracies, complex
stakeholder dynamics, and legacy IT systems. Nevertheless,
emerging research emphasizes the growing adaptability of
Al-powered and data-driven HR analytics in public
institutions. For instance, Ayanponle et al. (2024) evaluated
how innovative HR strategies are being integrated to drive
workforce efficiency in public organizations. Moreover,
Ajiga, Ayanponle, and Okatta (2022) highlight the
transformation of decision-making via HR analytics,
especially in workforce optimization scenarios within U.S.
public agencies. Bristol-Alagbariya et al. (2024) further
established that sustainable HR expansion frameworks
support growth in resource-constrained public institutions by
embedding analytics-driven  forecasting.  Meanwhile,
Elufioye et al. (2024) documented successful well-being and
mental health tracking initiatives embedded into public
workforce analytics systems.

Idoko et al. (2024) assessed the implementation of generative
Al and voice modeling in public-sector HR systems, noting
improvements in employee engagement. Additionally,
Azonuche and Enyejo (2024) confirmed the effectiveness of
agile transformation in government-led IT projects via lean-
agile HR change management strategies. Balogun et al.
(2024) contributed findings on the psychological toll of high-
risk jobs in the public sector, advocating for analytics-based
mental health interventions. Ebenibo et al. (2024) provided
comparative insights into regulatory compliance frameworks
that enable data-driven HR systems in public sectors. These
case studies collectively suggest that although integration is
slow, public sector institutions are progressively adopting
scalable analytics frameworks.

4.2 Scalability and Agility in Private Sector Deployments
Private sector organizations exhibit superior scalability and
agility in implementing HR analytics due to flexible
governance structures, profit-oriented decision-making, and
competitive digital transformation strategies. Ajiga et al.
(2025) explored interdisciplinary curriculum development in
the private education sector, using analytics to drive
competency-based hiring. Bristol-Alagbariya et al. (2023)
focused on cost optimization through HR analytics in
corporate settings, while Ezeafulukwe et al. (2022)
emphasized integrating ethics, CSR, and data into private
HRM systems.

Azonuche and Enyejo (2024) discussed enterprise-level agile
scaling frameworks used by fintech companies to enhance
productivity and talent retention. In high-performance
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industries, Idoko et al. (2024) analyzed synthetic human
modeling and Al in hiring optimization. Moreover, Ebenibo
et al. (2024) explored cybersecurity policy impacts on HR
data usage in tech startups. Ayoola et al. (2024) showcased
autonomous robotics improving construction workforce
precision and safety. These examples highlight the dynamic
adaptability of private enterprises to adopt HR analytics for
both strategic and operational gains. Enyejo et al. (2024) also
demonstrated how digital marketing analytics and battery
supply chain data were utilized for workforce decisions in
aerospace.

4.3 Data Governance and Privacy Compliance Across
Sectors

An essential aspect of HR analytics deployment involves
robust data governance and privacy compliance frameworks.
Ebenibo et al. (2024) critically reviewed the sufficiency of the
2023 Data Protection Act in balancing workforce data
analytics with ethical governance. Okeke et al. (2024)
extended this by evaluating transformer reliability in high-
risk workplaces, with implications for HR risk assessment
models. Idoko et al. (2024) addressed data sensitivity in Al-
powered HR models, particularly voice cloning and deepfake
prevention in public engagements.

Bristol-Alagbariya et al. (2022) outlined contract
management frameworks ensuring data compliance during
global HRM integration, while Ayanponle et al. (2024)
emphasized privacy-preserving talent analytics. Azonuche
and Enyejo (2024) proposed architectural alignment as a
mechanism for embedding policy compliance into agile HR
systems. Elufioye et al. (2024) also advocated for
psychological safety as a compliance indicator, supported by
analytics. Furthermore, Ajiga et al. (2022) cited the ethical
imperatives of Al-powered decision systems in recruitment.
These perspectives underscore that both public and private
sectors are converging on compliance-driven designs despite
different operational contexts.

4.4 Impact Measurement and Predictive Capacity

The effectiveness of HR analytics frameworks lies in their
ability to predict, personalize, and optimize outcomes. Ajiga
et al. (2024) reviewed Al techniques in financial forecasting,
linking them to HR decision modeling. Idoko et al. (2024)
demonstrated real-time predictive capabilities of Al in power
sector staffing under renewable policies. Enyejo et al. (2024)
highlighted how battery supply chain insights guided talent
deployment strategies.

Azonuche and Enyejo (2024) evaluated dynamic backlog
prioritization in HR functions of fintech startups, boosting
adaptive planning. Imoh and ldoko (2022) illustrated multi-
omics analysis integrated into HR mental wellness
assessments. In a novel approach, Ayanponle et al. (2024)
mapped HR analytics to long-term organizational stability.
The predictive capacity was also evidenced by Okeke et al.
(2024) in power reliability forecasts used to determine facility

staffing. Meanwhile, Ayoola et al. (2024) applied
autonomous robotics analytics to construction HR safety
indices. These studies validate the transformative potential of
predictive analytics in contemporary HR systems.

5. SYNTHESIS, CHALLENGES, AND FUTURE
DIRECTIONS

5.1 Comparative Evaluation of Existing Competency-
Based Models

Competency-based models have been increasingly adopted
across various industries as frameworks to align workforce
skills with organizational needs. These models emphasize
demonstrable outcomes, focusing on what individuals can
actually do rather than the amount of time spent in training.
A comparative analysis of existing models reveals both
strengths and limitations. For example, some models are
highly structured with detailed rubrics and assessment
guidelines, making them suitable for regulated environments
like healthcare and aviation. Others offer more flexibility,
allowing for customization in dynamic sectors such as
technology and creative industries. Despite the advantages,
there remains inconsistency in how competencies are defined,
measured, and validated. While some organizations use
standardized frameworks like the National Competency
Standards, others develop bespoke models that lack
portability. Another concern is the overemphasis on technical
skills, often at the expense of soft skills like emotional
intelligence and adaptability. Furthermore, integration into
existing HR systems varies widely, with some companies
leveraging Al-powered platforms while others rely on
traditional spreadsheets. Ultimately, the effectiveness of these
models depends on how well they are contextualized to
industry-specific needs and whether they are supported by
performance feedback loops and ongoing evaluation
mechanisms.

5.2 System-Level Barriers to Implementation and
Scalability

At the system level, several barriers hinder the successful
implementation and scalability of competency-based
workforce models. One major challenge is organizational
resistance to change, particularly from departments that are
accustomed to traditional performance management systems.
This resistance often stems from uncertainty around new
metrics, fear of job displacement, and concerns about the
complexity of implementation. Another barrier is the
fragmentation of HR data systems, where isolated platforms
prevent seamless integration of competency tracking,
performance reviews, and training modules. Financial
constraints also play a critical role, especially for small and
medium-sized enterprises that lack the resources to invest in
advanced analytics or cloud-based platforms. Additionally,
limited access to qualified personnel capable of designing and
maintaining these systems poses a significant hurdle.
Regulatory environments further complicate adoption,
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particularly in sectors where rigid accreditation standards
limit innovation. Finally, the lack of cross-sector
collaboration and knowledge-sharing restricts scalability, as
best practices are not systematically documented or
transferred. To overcome these challenges, organizations
need to prioritize leadership commitment, ensure stakeholder
buy-in, and adopt agile implementation strategies.
Addressing system-level issues is crucial for achieving the
full potential of competency-based models in fostering
sustainable and scalable workforce development.

5.3Policy Recommendations for Workforce Development
Policy frameworks must evolve to support a dynamic and
resilient workforce capable of adapting to technological
disruptions and global economic shifts. First, governments
should invest in the modernization of vocational and technical
education, aligning curricula with emerging industry
competencies. This includes integrating digital literacy,
critical thinking, and sustainability into core learning
objectives. Second, public-private partnerships should be
encouraged to foster real-time skills mapping and forecasting,
enabling rapid response to labor market demands. Policies
should also incentivize businesses to adopt lifelong learning
models through tax benefits, grants, or regulatory flexibility.
Third, a centralized skills recognition system should be
established to enhance workforce mobility across sectors and
regions, particularly for informal and gig economy workers.
Additionally, policies must ensure inclusivity by addressing
disparities in access to training for marginalized groups such
as women, persons with disabilities, and rural populations.
Transparent data governance structures are also necessary to
ensure ethical use of HR analytics and artificial intelligence
in workforce planning. Lastly, labor policies should be
designed with adaptability in mind, incorporating
mechanisms for regular review and stakeholder input. These
recommendations, when implemented cohesively, can lay the
groundwork for an equitable, future-ready labor ecosystem.

54 Emerging Research Areas and Technology
Integration Gaps

Emerging research in workforce analytics reveals promising
opportunities and unresolved challenges, particularly in the
realm of technology integration. One area gaining traction is
the use of machine learning to predict skill obsolescence and
recommend personalized upskilling paths. While preliminary
results are encouraging, there remains a gap in empirical
studies that validate the long-term effectiveness of such
interventions. Similarly, the integration of augmented reality
(AR) and virtual reality (VR) into training programs has
shown potential in simulation-based learning but lacks
standardization across sectors. Another underexplored area is
the ethical implications of algorithmic decision-making in
talent acquisition and performance evaluation. Issues of bias,
transparency, and accountability require deeper investigation.
Furthermore, there is limited research on how data privacy

regulations impact the scalability of HR analytics solutions.
Interdisciplinary studies are needed to bridge the gap between
technological innovation and practical workforce application,
particularly in emerging economies where infrastructure may
be lacking. Finally, while many platforms claim to offer “end-
to-end” talent management solutions, there is often poor
interoperability between systems, resulting in data silos and
inefficiencies. Advancing research in these domains will be
critical to ensuring that technology serves as a genuine
enabler of inclusive, data-informed workforce strategies.

REFERENCES

1. Abdul-Azeez, O., lhechere, A. O., & ldemudia, C.
(2024). Digital access in financial services. Finance
& Accounting Research Journal, 6(7), 1134-1156.

2. Abdul-Azeez, O., lhechere, A. O., & ldemudia, C.
(2024). Enhancing business performance: The role of
data-driven analytics in strategic decision-making.
International  Journal of Management &
Entrepreneurship Research, 6(7), 2066—2081.

3. Abieba, O. A, Alozie, C. E., & Ajayi, O. O. (2025).
Enhancing disaster recovery and business continuity
in cloud environments through infrastructure as code.
Journal of Engineering Research and Reports, 27(3),
127-136.

4. Abiola, O. A, Okeke, I. C., & Ajani, O. B. (2024).
Integrating taxation, financial controls, and risk
management. International Journal of Management
& Entrepreneurship Research.

5. Abiola, O. A., Okeke, I. C., & Ajani, O. B. (2024).
Integrating taxation, financial controls, and risk
management. International Journal of Management
& Entrepreneurship Research.

6. Abisoye, A., Akerele, J. I., Odio, P. E., Collins, A.,
Babatunde, G. O., & Mustapha, S. D. (2025).
Predicting cybersecurity risks in infrastructure.
International Journal of Engineering Research and
Development, 21(2), 205-224.

7. Adanigbo, O. S., Ezeh, F. S., Ugbaja, U. S., Lawal,
C. I., & Friday, S. C. (2025). Data-driven product
roadmaps in FinTech. Engineering and Technology
Journal, 10(5), 4821-4828.

8. Adanigbo, O. S., Kisina, D., Daraojimba, A. 1.,
Ubanadu, B. C., Ochuba, N. A., & Gbenle, T. P.
(2024). A conceptual model for Al-powered anomaly
detection in airline booking systems. International
Journal of Future Engineering Innovations, 1(1), 93—
100.

9. Adebayo, A. S., Ajayi, O. O., & Chukwurah, N.
(2024). Explainable Al in robotics: A critical review
and implementation strategies for transparent
decision-making. Journal of Robotics and Al
Systems, 12(4), 101-118.

5889 Immaculata Omemma Evans-Uzosike !, ETJ Volume 10 Issue 07 July 2025



“A Systematic Review of Competency-Based Recruitment Frameworks: Integrating Micro-Credentialing, Skill
Taxonomies, and Al-Driven Talent Matching”

10. Adekunle, B. I., Chukwuma-Eke, E. C., Balogun, E. of Al techniques in financial forecasting: applications
D., & Ogunsola, K. O. (2024). Optimizing internal in stock market analysis. Finance Account Res J,
control systems through blockchain-based financial 6(2), 125-145.
reporting: Opportunities and risks. International 22. Ajiga, D. 1., Adeleye, R. A., Tubokirifuruar, T. S.,
Journal of Management and Organizational Bello, B. G., Ndubuisi, N. L., Asuzu, O. F., &
Research, 3(1), 213-222. Owolabi, O. R. (2024). Machine learning for stock

11. Adeniyi, M., Ayoola, V. B., Imoh, P. O., & Enyejo, market forecasting: A review of models and
J. 0. (2024). Advancing early autism diagnosis using accuracy. Finance & Accounting Research Journal,
multimodal neuroimaging and Al-driven biomarkers. 6(2), 112-124.

International Journal of Scientific Research and 23. Ajiga, D. I., Hamza, O., Eweje, A., Kokogho, E., &
Modern Technology, 3(6), 40-56. Odio, P. E. (2025). Developing interdisciplinary

12. Adeniyi, M., Ayoola, V. B., Imoh, P. O., & Enyejo, curriculum models for sustainability in higher
J. O. (2024). Al-driven biomarkers for autism education. Journal Title Pending.
diagnosis. International Journal of Scientific 24. Ajiga, D. I., Hamza, O., Eweje, A., Kokogho, E., &
Research and Modern Technology, 3(6), 40-56. Odio, P. E. (2025). Data-driven strategies for

13. Adepoju, A. H., Eweje, A., Collins, A., & Austin- enhancing student success. Journal Title Pending.
Gabriel, B. (2024). Legacy systems migration to 25. Ajiga, D., Ayanponle, L., & Okatta, C. G. (2022). Al-
next-gen architectures. International Journal of powered HR analytics: Transforming workforce
Multidisciplinary Research and Growth Evaluation, optimization and decision-making. International
5(6), 1462-1474. Journal of Science and Research Archive, 5(2), 338-

14. Adewoyin, M. A., Adediwin, O., & Audu, A. J. 346.

(2025). Artificial intelligence and sustainable energy 26. Alonge, E. O., Dudu, O. F., & Alao, O. B. (2024).
development: A review of applications, challenges, The impact of digital transformation on financial
and future directions. International Journal of reporting. International Journal of Science and
Multidisciplinary Research and Growth Evaluation, Technology Research Archive, 7(2), 025-049.

6(2), 196-203. 27. Ayanponle, L. O., Awonuga, K. F., Asuzu, O. F.,

15. Adeyemo, K. S., Mbata, A. O., & Balogun, O. D. Daraojimba, R. E., Elufioye, O. A., & Daraojimba, O.
(2025). Vaccine confidence framework. Engineering D. (2024). A review of innovative HR strategies in
and Technology Journal, 10(5), 4764-4776. enhancing workforce efficiency. International

16. Afolabi, A. I., Chukwurah, N., & Abieba, O. A. Journal of Science and Research Archive, 11(1),
(2025). Harnessing machine learning techniques for 817-827.
driving sustainable economic growth and market 28. Ayanponle, L. O., Elufioye, O. A., Asuzu, O. F.,
efficiency. International Journal of Multidisciplinary Ndubuisi, N. L., Awonuga, K. F., & Daraojimba, R.
Research and Growth Evaluation, 6(2), 277-283. E. (2024). The future of work and human resources:

17. Ajayi, O. O., Alozie, C. E., & Abieba, O. A. (2025). A review of emerging trends and HR's evolving role.
Cybersecurity in energy infrastructure. Trends in International Journal of Science and Research
Renewable Energy, 11(2), 201-212. Archive, 11(2), 113-124.

18. Ajayi, O. O., Alozie, C. E., & Abieba, O. A. (2025). 29. Ayoola, V. B., ldoko, P. I., Danquah, E. O., Ukpoju,
Innovative cybersecurity strategies for business E. A, Obasa, J., Otakwu, A., & Enyejo, J. O. (2024).
intelligence: Transforming data protection and Robotics for enhanced productivity in construction.
driving competitive superiority. Gulf Journal of International Journal of Scientific Research and
Advance Business Research, 3(2), 527-536. Modern Technology, 3(10).

19. Ajayi, O. O., Alozie, C. E., Abieba, O. A., Akerele, 30. Ayoola, V. B., ldoko, P. I., Dangquah, E. O., Ukpoju,
J. I, & Collins, A. (2025). Blockchain technology E. A., Obasa, J., Otakwu, A., & Enyejo, J. O. (2024).
and cybersecurity in fintech. International Journal of Optimizing ~ Construction =~ Management  and
Scientific  Research in  Computer  Science, Workflow Integration  through  Autonomous
Engineering and Information Technology, 11(1). Robotics. International Journal of Scientific

20. Ajayi, O. O., Alozie, C. E., Abieba, O. A., Akerele, Research and Modern Technology, 3(10).

J. 1., & Collins, A. (2025). Blockchain technology 31. Azonuche, T. I, & Enyejo, J. O. (2024). Agile
and cybersecurity in fintech. International Journal of transformation in public sector IT projects using
Scientific  Research in  Computer  Science, Lean-Agile change management. International
Engineering and Information Technology, 11(1). Journal of Scientific Research and Modern

21. Ajiga, D. I., Adeleye, R. A., Asuzu, O. F., Owolabi, Technology, 3(8), 21-39.
0. R., Bello, B. G., & Ndubuisi, N. L. (2024). Review https://doi.org/10.38124/ijsrmt.v3i8.432

5890 Immaculata Omemma Evans-Uzosike !, ETJ Volume 10 Issue 07 July 2025


https://doi.org/10.38124/ijsrmt.v3i8.432

“A Systematic Review of Competency-Based Recruitment Frameworks: Integrating Micro-Credentialing, Skill
Taxonomies, and Al-Driven Talent Matching”

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

Azonuche, T. ., & Enyejo, J. O. (2024). Evaluating
the impact of Agile scaling frameworks.
International Journal of Scientific Research and
Modern Technology, 3(6), 57-69.

Azonuche, T. 1., & Enyejo, J. O. (2024). Exploring
Al-Powered Sprint Planning Optimization Using
Machine  Learning for Dynamic  Backlog
Prioritization and Risk Mitigation. International
Journal of Scientific Research and Modern
Technology, 3(8), 40-57.
https://doi.org/10.38124/ijsrmt.v3i8.448

Balogun, T. K., Enyejo, J. O., Ahmadu, E. O,
Akpovino, C. U., Olola, T. M., & Oloba, B. L. (2024).
The Psychological Toll of Nuclear Proliferation and
Mass Shootings in the U.S. and How Mental Health
Advocacy Can Balance National Security with Civil
Liberties. IRE Journals, 8(4).

Bristol-Alagbariya, B., Ayanponle, L. O. &
Ogedengbe, D. E. (2024). Sustainable business
expansion: HR strategies for growth. International
Journal of Management & Entrepreneurship
Research, 6(12), 3871-3882.

Bristol-Alagbariya, B., Ayanponle, O. L., &
Ogedengbe, D. E. (2024). Leadership development
and talent management in constrained resource
settings. Comprehensive Research and Reviews
Journal, 2(2), 13-22.

Bristol-Alagbariya, B., Ayanponle, O. L., &
Ogedengbe, D. E. (2024). HR frameworks in
constrained resource environments. Comprehensive
Research and Reviews Journal, 2(2), 13-22.
Bristol-Alagbariya, B., Ayanponle, O. L., &
Ogedengbe, D. E. (2023). Utilization of HR analytics
for strategic cost optimization and decision making.
International Journal of Scientific Research Updates,
6(2), 62-69.

Bristol-Alagbariya, B., Ayanponle, O. L., &
Ogedengbe, D. E. (2022). Strategic frameworks for
contract management excellence in global energy HR
operations. GSC Advanced Research and Reviews,
11(3), 150-157.

Chukwurah, N., Abieba, O. A., Ayanbode, N., Ajayi,
O. 0., & Ifesinachi, A. (2024). Inclusive
cybersecurity practices in Al-enhanced

telecommunications.  Journal of Al  and
Telecommunications Security, 8(2), 45-60.

Chukwurah, N., Abieba, O. A., Ayanbode, N., Ajayi,
0. 0. & Ifesinachi, A. (2024). Inclusive
cybersecurity practices in Al-enhanced
telecommunications.  Journal of Al  and
Telecommunications Security, 8(2), 45-60.

Chukwurah, N., Adebayo, A. S., & Ajayi, O. O.
(2024). Sim-to-real transfer in robotics: Addressing

43.

44,

45.

46.

47.

48.

49.

50.

51.

52.

simulation and real-world gaps. International
Journal of Robotics and Simulation, 6(1), 89-102.
Chukwurah, N., Afolabi, A. I., & Abieba, O. A.
(2025). Automated cybersecurity model for real-time
threat intelligence. Computer Science & IT Research
Journal, 5(11), 1108-1121.

Daraojimba, A. I., Kisina, D., Adanigho, O. S,
Ubanadu, B. C., Ochuba, N. A., & Gbenle, T. P.
(2024). Review of performance metrics in modern
DevOps. International Journal of  Future
Engineering Innovations, 1(1), 101-107.

Dudu, O. F., Alao, O. B., & Alonge, E. O. (2024).
Financial product innovation for growth. Finance &
Accounting Research Journal, 6(11).

Ebenibo, L., Enyejo, J. O., Addo, G., & Olola, T. M.
(2024). Evaluating the Sufficiency of the data
protection act 2023 in the age of Atrtificial
Intelligence (Al): A comparative case study of
Nigeria and the USA. International Journal of
Scholarly Research and Reviews, 5(1), 088-107.
Eguagie, M. O., Idoko, 1. P., ljiga, O. M., Enyejo, L.
A., Okafor, F. C., & Onwusi, C. N. (2025).
Geochemical and mineralogical characteristics of
deep porphyry systems. International Journal of
Scientific Research in Civil Engineering, 9(1).
https://doi.org/10.32628/1JSRCE25911

Elufioye, O. A., Ndubuisi, N. L., Daraojimba, R. E.,
Awonuga, K. F., Ayanponle, L. O., & Asuzu, O. F.
(2024). Reviewing employee well-being and mental
health initiatives in contemporary HR practices.
International Journal of Science and Research
Archive, 11(1), 828-840.

Elufioye, O. A., Ndubuisi, N. L., Daraojimba, R. E.,
Awonuga, K. F., Ayanponle, L. O., & Asuzu, O. F.
(2024). Reviewing employee well-being and mental
health initiatives in contemporary HR Practices.
International Journal of Science and Research
Archive, 11(1), 828-840.

Enyejo, J. O., Babalola, I. N. O., Owolabi, F. R. A,,
Adeyemi, A. F., Osam-Nunoo, G., & Ogwuche, A. O.
(2024). Data-driven digital marketing and battery
supply chain optimization. International Journal of
Scholarly Research and Reviews, 5(2), 001-020.
Enyejo, J. O., Babalola, I. N. O., Owolabi, F. R. A,,
Adeyemi, A. F., Osam-Nunoo, G., & Ogwuche, A. O.
(2024). Battery supply chain optimization in aircraft
manufacturing. International Journal of Scholarly
Research and Reviews, 5(2), 001-020.

Enyejo, J. O., Babalola, I. N. O., Owolabi, F. R. A,,
Adeyemi, A. F., Osam-Nunoo, G., & Ogwuche, A. O.
(2024). Data-driven digital marketing and battery
supply chain optimization in the battery powered
aircraft industry. International Journal of Scholarly
Research and Reviews, 5(2), 001-020.

5891 |

Immaculata Omemma Evans-Uzosike !, ETJ Volume 10 Issue 07 July 2025


https://doi.org/10.32628/IJSRCE25911

“A Systematic Review of Competency-Based Recruitment Frameworks: Integrating Micro-Credentialing, Skill
Taxonomies, and Al-Driven Talent Matching”

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

Ezeafulukwe, C., Okatta, C. G., & Ayanponle, L.
(2022). Frameworks for sustainable human resource
management: Integrating ethics, CSR, and Data-
Driven Insights.

Famoti, O., Ewim, C. P. M., Eloho, O., Muyiwa-
Ajayi, T.P., Ezechi, O. N., & Omokhoa, H. E. (2024).
Boosting organizational performance via employee
engagement. International Journal of Management
and Organizational Research, 3(1), 186-195.

Idoko, I. P., ljiga, O. M., Agbo, D. O., Abutu, E. P.,
Ezebuka, C. I., & Umama, E. E. (2024). Comparative
analysis of 10T implementation in Ghana and the
USA. World Journal of Advanced Engineering
Technology and Sciences, 11(1), 180-199.

Idoko, I. P., ljiga, O. M., Akoh, O., Agbo, D. O,
Ugbane, S. I, & Umama, E. E. (2024). Power
electronics in California's renewable energy
transformation. World Journal of Advanced
Engineering Technology and Sciences, 11(1), 274—
293.

Idoko, I. P., ljiga, O. M., Enyejo, L. A., Akoh, O., &
Isenyo, G. (2024). Integrating superhumans and
synthetic humans into the 1oT. Global Journal of
Engineering and Technology Advances, 19(1), 006—
036.

Idoko, I. P., ljiga, O. M., Enyejo, L. A., Akoh, O., &
Isenyo, G. (2024). Integrating superhumans into loT
ecosystems. Global Journal of Engineering and
Technology Advances, 19(1), 006-036.

Idoko, I. P., ljiga, O. M., Enyejo, L. A., Akoh, O., &
Isenyo, G. (2024). Integrating superhumans and
synthetic humans into the Internet of Things (10T).
ljiga, O. M., Idoko, I. P., Ebiega, G. I, Olajide, F. I.,
Olatunde, T. I., & Ukaegbu, C. (2024). Harnessing
adversarial machine learning for advanced threat
detection. Open Access Research Journals, 13(1).
https://doi.org/10.53022/0arjst.2024.11.1.0060I
ljiga, O. M., Idoko, I. P., Ebiega, G. I., Olajide, F. I.,
Olatunde, T. I., & Ukaegbu, C. (2024). Adversarial
ML for threat detection. Open Access Research
Journals, 13(1).
https://doi.org/10.53022/0arjst.2024.11.1.0060I
llori, O., Kolawole, T. O., & Olaboye, J. A. (2024).
Ethical dilemmas in healthcare management.
International Medical Science Research Journal,
4(6), 703-725.

llori, O., Nwosu, N. T., & Naiho, H. N. N. (2024). A
comprehensive review of IT governance. Computer
Science & IT Research Journal, 5(6), 1391-1407.
llori, O., Nwosu, N. T., & Naiho, H. N. N. (2024).
Enhancing IT audit effectiveness with agile methods.
Engineering Science & Technology Journal, 5(6),
1969-1994.

65.

66.

67.

68.

69.

70.

71.

72.

73.

74.

75.

76.

Imoh, P. O., & Idoko, 1. P. (2022). Gene-environment
interactions in autism etiology. International Journal
of Scientific Research and Modern Technology, 1(8),
1-16. https://doi.org/10.38124/ijsrmt.v1i8.463

Imoh, P. O., & Idoko, 1. P. (2022). Gene-environment
interactions in autism etiology. International Journal
of Scientific Research and Modern Technology, 1(8),
1-16. https://doi.org/10.38124/ijsrmt.v1i8.463
Mokogwu, C., Achumie, G. O., Adeleke, A. G,
Okeke, I. C., & Ewim, C. P. (2024). A leadership and
policy development model for tech companies.
International Journal of Frontline Research in
Multidisciplinary Studies, 4(1), 1-14.

Mokogwu, O., Achumie, G. O., Adeleke, A. G,
Okeke, I. C., & Ewim, C. P. (2024). A data-driven
operations model for strategic decision-making.
International Journal of Frontline Research and
Reviews, 3(1), 1-19.

Nwankwo, E. E., Aniebonam, E. E., Chikodiri, U. S,
& Rita, C. N. (2025). Entrepreneurial environment
and cross-cultural management. Journal Title
Pending.

Nwaozomudoh, M. O., Kokogho, E., Odio, P. E., &
Ogunsola, O. Y. (2024). Transforming public sector
accountability. International Journal of Management
and Organizational Research, 3(6), 84-107.
Nwaozomudoh, M. O., Kokogho, E., Odio, P. E., &
Ogunsola, O. Y. (2024). Conceptual analysis of
strategic  historical  perspectives. International
Journal of Management and Organizational
Research, 3(6), 108-119.

Nwaozomudoh, M. O., Kokogho, E., Odio, P. E., &
Ogunsola, O. Y. (2024). SME decision-making
insights. International Journal of Management and
Organizational Research, 3(6), 108-119.

Nwosu, N. T., & llori, O. (2024). Behavioral finance
and financial inclusion. World Journal of Advanced
Research and Reviews, 22(3), 204-212.

Ogunnowo, E. O., Ogu, E., Egbumokei, P. I.,
Dienagha, I. N., & Digitemie, W. N. (2025). A
theoretical framework for semiconductor safety.
Journal of Materials Science Research and Reviews,
8(1), 173-193.

Ogunnowo, E. O., Ogu, E., Egbumokei, P. I.,
Dienagha, I. N., & Digitemie, W. N. (2025). Safety
in semiconductor manufacturing. Journal of
Materials Science Research and Reviews, 8(1), 173—
193.

Ogunnowo, E., Ogu, E., Egbumokei, P., Dienagha, I.,
& Digitemie, W. (2024). Predictive model for
corrosion using nondestructive data. International
Journal of Multidisciplinary Research and Growth
Evaluation, 5(1), 1223-1235.

5892

Immaculata Omemma Evans-Uzosike !, ETJ Volume 10 Issue 07 July 2025


https://doi.org/10.53022/oarjst.2024.11.1.0060I
https://doi.org/10.53022/oarjst.2024.11.1.0060I
https://doi.org/10.38124/ijsrmt.v1i8.463
https://doi.org/10.38124/ijsrmt.v1i8.463

“A Systematic Review of Competency-Based Recruitment Frameworks: Integrating Micro-Credentialing, Skill
Taxonomies, and Al-Driven Talent Matching”

77. Ojukwu, P. U., Cadet, E., Osundare, O. S., Fakeyede,
0. G, Ige, A. B., & Uzoka, A. (2024). Education’s
role in cybersecurity and sustainability awareness.
International Journal of Frontline Research in
Science and Technology, 4(1), 018-034.

78. Ojukwu, P. U., Cadet, E., Osundare, O. S., Fakeyede,
0. G, Ige, A. B., & Uzoka, A. (2024). Cybersecurity
awareness through education. International Journal
of Frontline Research in Science and Technology,
4(1), 018-034.

79. Ojukwu, P. U., Cadet, E., Osundare, O. S., Fakeyede,
0. G, Ige, A. B., & Uzoka, A. (2024). Green bonds
and FinTech. International Journal of Engineering
Research and Development, 20, 565-576.

80. Okeke, R. O., Ibokette, A. I., ljiga, O. M., Enyejo, L.
A., Ebiega, G. I., & Olumubo, O. M. (2024). The
reliability assessment of power transformers.
Engineering Science & Technology Journal, 5(4),
1149-1172.

81. Okpanachi, A. T., Igba, E., Imoh, P. O., Dzakpasu, N.
H., & Nyaledzigbor, M. (2025). Leveraging digital
biomarkers in medical laboratories. International
Journal of Scientific Research in Science and
Technology, 12.

82. Owoade, S. J., Uzoka, A., Akerele, J. 1., & Ojukwu,
P. U. (2024). Cloud-based compliance in financial
applications. World Journal of Engineering and
Technology Research, 8(2), 152-169.

83. Oyeniyi, L. D., Ugochukwu, C. E., & Mhlongo, N. Z.
(2024). Al in banking customer service. International
Journal of Science and Research Archive, 11(2),
1492-1509.

84. QOyeniyi, L. D., Ugochukwu, C. E., & Mhlongo, N. Z.
(2024). Al in banking customer service. International
Journal of Science and Research Archive, 11(2),
1492-1509

85. QOyeniyi, L. D., Ugochukwu, C. E., & Mhlongo, N. Z.
(2024). The influence of Al on financial reporting
quality. World Journal of Advanced Research and
Reviews, 22(1), 679-694.

86. Oyeniyi, L. D., Ugochukwu, C. E., & Mhlongo, N. Z.
(2024). The influence of Al on financial reporting
quality. World Journal of Advanced Research and
Reviews, 22(1), 679-694.

87. Uzoka, A., Cadet, E., & Ojukwu, P. U. (2024). Al-
powered chatbots and automated customer support.
Computer Science & IT Research Journal.

5893 Immaculata Omemma Evans-Uzosike !, ETJ Volume 10 Issue 07 July 2025



